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In [9]: df2 = pd.

In [10]: df2

Out[10]:

A B
0 1.0 2013-01-02
1 1.0 2013-01-02
2 1.0 2013-01-02
3 1.0 2013-01-02

DataFrame({'A":

B':

'C': pd.Series(1, index=list(range(4)), dtype='float32'),
'D': np.array([3] * 4, dtype='int32'),

'E': pd.Categorical(["test", "train", "test", "train"]),
'F': 'foo'})

def create_app(test_config=None):

coD
1.0 3
1.0 3 t
1.0 3
1.0 3 t

Python(Pandas+Matplitlib/Plotly) 2} 2=

S} A9t Tableau

9l Tableau?l7}?

1.
pd. Timestamp('20130102"),

# create and configure the app
app = Flask(__name__, instance_relative_config=True)
app.config. from_mapping(

SECRET_KEY="'dev "',

DATABASE=o0s.path.join(app.instance_path, 'flaskr.sqlite'),
)

if test_config is None:
# load the instance config, if it exists, when not testing
app.config. from_pyfile('config.py', silent=True)

else:
# load the test config if passed in
app.config.from_mapping(test_config)

# ensure the instance folder exists
try:

os.makedirs (app.instance_path)
except OSError:

pass

# a simple page that says hello
@app.route('/hello"')
def hello():

return 'Hello, World!'

return app

Data

Analytics

3 Weather Data

Dimensions =)

®® 65

b
o
a

»
o
a

Date
City
Country
Region
Time

Measure Names

Measures

#
4
4

Hourly Temp

Rainfall

Windspeed

Latitude (generated)
Longitude (generated)

Measure Values

T97H AASE 7183 27

rr

A AR B A ZatE
(gl ul3) ol =7} 4131, T2 Ble] 1]

% | | Marks ‘ i Coldibriias

0ol Automatic M ‘EE Rows [ AGG(Rainfall)
T lilse o il m

Color || Size || Label Weather Trends

ol Q| 10,000mm

Detail | |Tooltip

H| & 1 7}A9 Public B Ao}, “StAl/ & Yg”

Rainfall

4,000mm

Aot T4 s
JEXE.
&g 7h5!



Y =Y G le 7:" Z] ’ )
Tableau Desktop (A @) Googl(; O%rive%i) X351 D(();IZ]_ i ]1)731'1)& !

Tableau/Public A7 (N 7to] EH 22Ut}



1. glolg 7]z 7l'd



glole F-7 &<lst7]

attribute
A B C D E F G H
e YA} | 72 | 21%| o= | A | X9 | A2 |
1978/08/30 02:29:43 45 B3 HorE & HA S ME 84km Y 1242 =3Bt 1970~1999

1978/09/16 02:07:06 52 2% AZEA| BAME 32km K|
1978/10/07 18:19:52 55 YT 5F 3km XY
1978/11/23 11:06:05 46 =3t Wl oot HEF 15km X[

-
2 1279 Z%  1970~1999
3

4

5 1978/12/04 15:16:16 28 ¥ YU |EF 4km XY

6

7

8

9

1267 &5 1970~1999
1256 8 1970~1999
1287 4# 1970~1999
1263 ®&  1970~1999
1267 &5 1970~1999

126 T & 1970~1999

1978/12/12 21:58:38 33 H&E A MEMEF 38km S
1979/01/01 00:11:22 29 Y EHT &% 3km XY
19

item

19 06; 3 126 ®8  1970~1999
10 1979/01/30 00:33:12 3 4% FOIA MEMZF Skm X[ 1283 A% 1970~1999
11 1979/02/04 09:29:18 37 B8 SR A2 HEHME 13km XS 384 1257 ®8  1970~1999
12 1979/02/08 08:52:20 45 BYTD 8% 3km XY 366 1267 &E  1970~1999
13 1979/02/24 14:44:07 27 Bt Wfd e Y |/ 6km XY 383 1251 ®B  1970~1999
14 1979/02/24 19:00:30 29 Y BYT 8% 3km XY 366 1267 & 1970~1999
15 1979/03/12 11:09:24 38 3 BYT F 3km XY 366 1267 &  1970~1999
16 1979/04/09 08:49:33 33 |3 Hetd ke oHF |RREF 10km XY 397 1257 ®|B  1970~1999
17 1979/04/24 05:44:27 3% AFA MZ 11km XY 368 1285 Z®  1970~1999
18 1979/08/13 12:12:02 35 A% 29T SMF 10km X[ Y 363 1285 Z®  1970~1999
19 1979/08/14 10:05:05 25 | Yotd e ot JE&F 17km XY 395 1258 ®B  1970~1999
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HAE OiQ
JSON T2
A
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Tableau Server

Microsoft SQL Server

MySQL

Oracle
Amazon Redshift
7|Et...

Sample - APAC Superstore
Sample - Superstore

World Indicators

mtd oA 7HA 7]

Tableau Server Spark SQL
Amazon Aurora T
Amazon EMR 2 dojg M4
Amazon Redshift

Anaplan

Cisco Information Server

Cloudera Hadoop

EXASolution

Firebird

Google Analytics

Google BigQuery

Google AZEAE

rMOTrtONwWOrKs rnagoop rmve
HP Vertica

Kognitio

MapR Hadoop Hive
Marketo

MemSQL

Microsoft SQL Server
MySQL

OData

Oracle

Oracle Eloqua

Pivotal Greenplum Database
PostgreSQL

Presto

QuickBooks Online
Salesforce

SAP HANA

Snowflake
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data.seoul.go.kr
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Sheet Open API File

YE2A| XoHE=ME A SokA QI | Cift I SMME KIS ELich SHME CH2EL S8,
No oAy I 37|(KB) NE s Hx3HY 22
1 CARD_SUBWAY_MONTH_201501.csv 1,002 2016.06.10 2016.06.10 Down
2 CARD_SUBWAY_MONTH_201502.csv 1,030 2016.06.10 2016.06.10 Down
3 CARD_SUBWAY_MONTH_201503.csv 1,018 2016.06.10 2016.06.10 Down
4 CARD_SUBWAY_MONTH_201504.csv 1,007 2016.06.10 2016.06.10 Down
5 CARD_SUBWAY_MONTH_201505.csv 1,043 2016.06.10 2016.06.10 Down


http://data.seoul.go.kr
http://data.seoul.go.kr
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Ea Af Union
B = w=wy | supen .
& Abc #* Abc H H
A8 YR} MY oD o4 SxESUS shxE52%4
2017.1.1. ANM 1907 s 4,194 3,852
2017.1.1. AN 1908 5% 2,612 2,468 E1] O] E-1 1
2017.1.1. A 1909 9= 5,036 5,004

o
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Q=2 7tds)7
2017.1.1. ZAM 1910 HA 1,145 1,123 — 1 |

2017.1.1. Ay 1911 9% 3,823 4,188
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https://www.theguardian.com/politics/2020/oct/05/how-excel-may-have-caused-loss-of-16000-covid-tests-in-england
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B CARD_SUBWAY MONTH_201901.csv
B CARD_SUBWAY_MONTH_201902.csv
B CARD_SUBWAY_ MONTH_201903.csv
B CARD_SUBWAY MONTH_201904.csv
R CARD_SUBWAY_MONTH_201905.csv
B CARD_SUBWAY_MONTH_201906.csv
B CARD_SUBWAY_MONTH_201907.csv
B CARD_SUBWAY_MONTH_201908.csv
B CARD_SUBWAY MONTH_201909.csv
B CARD_SUBWAY_MONTH_201910.csv
B CARD_SUBWAY_MONTH_201911.csv
B CARD_SUBWAY_ MONTH_201912.csv
B CARD_SUBWAY MONTH_202001.csv
R CARD_SUBWAY_MONTH_202002.csv
B CARD_SUBWAY_MONTH_202003.csv
B CARD_SUBWAY_ MONTH_202004.csv
B CARD_SUBWAY_MONTH_202005.csv
R CARD_SUBWAY_MONTH_202006.csv
B CARD_SUBWAY_MONTH_202007.csv
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37575297

37.585286

37592624
37.6026712
376154595
37.6202672
376213452
37.6269262
376341222
376415632

127.025087

127.019381

127.016403
127.0113053
127.0034393
127.0113983
127.0183183
127.0159753
127.0153233
1270146213
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Orders (Last)

Tableau

Prep?

0

Quota ¢ Ordens

Create ‘Anmal

— 2
Orders (West) Aggregate
Orders (Contrad) All Orders Orders + Returns S04t Cuatomar Create "All Orde
l . J
Orders (Sout»)
¥aoep Orvy X Eachede Lot vaie - are
" »
State Row 1D Order 10 Sogment o Customer 1D Customer Name Ship Mode Order Date
Alabama 0 CA-2015-100293 Consumer AA-10375 Raron Mawking Blrst Class 01/01/2015, 1
Arkansas 2,000 CA-2015-100706 Contractor AA- 10480 Asron Smayling Seme Day 04/01/2019, 1
Florida CA-2015-100895 AA- 10645 Adam Bollavarce Second Class
Georgla 4000 CAR015-100916 x AR.10060 Adam 1ot Standarc Class
Kentucky CA 2015101266 Corporate F10108 Adam Shillingsburg
Louisiana 6,000 CA2018 101560 510 rows 110165 Adrian Bartson
Mississppi ' LA-2015-101770 F10255 Adrian Mane
North Carolire 0,000 CA2018 102274 AB-10600 Aan Bornes
South Caroling CA2015-102673 AC-10450 Alga Ha e
Tonnessee 10,000 CA-2015-102988 AF 10870 Alan Hwarg
Virgnia CAR015-103317 AF.10885 Algn Schoenberger
CA-2015-103366 AG10330 Alan Shonely
Sales Quantity Profit Discount Region State Row 1D Order 1D Seg C 4] < Name $hip Mode Order Date Ship Date
18.648 7 12432 0.7 South North Carolina 231 US-2015-156216 Corporate EA-14035 Erin Ashbrook Standard Class 09/13/2015, 12:00:00 AM 09/17/2015, 12:00:00 AM
178.384 2 22298 0.2 South Florida 315 CA-2015:167850 Corporate AG-10525 Andy Gerbode Standard Class 08/09/2015, 12:00:00 AM 08/16/2015, 12:00:00 AM
15,552 3 54432 0.2 South Florida 316 CA-2015-167850 Corporate AG-10525 Andy Gerbode Standard Class 08/09/2015, 12:00:00 AM 08/16/2015, 12:00:00 AM
39.072 6 9.768 0.2 South North Carolina 404 CA-2015-155208 Corporate SP-20650 Stephanie Phelps Standard Class 04/16/2015, 120000 AM 04/20/2015, 12:00:00 AM
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<o ol B -
Price 2t S} Formula:
~ 27_'7 CASE [SortBy]
ot &7 ) WEEN 'Profit' THEN SUM([Frofit]) * INT([SortOzdex])
WHEN 'Profit Ratio' THEN [Profi Ratio] * INT([SortOrder])
[=
0. }“&E ﬂ Ei?l / WHEN 'Sales' THEN 3'._-'1-1(:3-3;55:) * INT ([SortOrder])
aF ersv|... END
0. A7 OES 7). )
0f  mmics Be Me) !
0. )
4%... & The calculation is valid.
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Product
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-2.0~3.0 0|QF: 938
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Executive Overview - Profitability (2%)

Sales Profit Profit Ratio Profit per Order Sales per Customer HF Discount Quantity
$1,820,895 $231,963 12.7% $59.04 $2,313.72 15.71% 29,793
Region
. | J & '. ¢ . Order Date
’ . 2014.1.3.  2017.6.30.
® ° . (r—)
o = SGeEd [
° . o.;. Profit Ratio
B o %
. : . -270.0% 50.0%
. o o * a o
. . - ‘e
¢ 0 2 5 e ® Profit Ratio
& AHCEY T, A
' s -50.0% 50.0%
. L] . € 0.6 o, ’
. ‘ 9 'Y o s @ © o
: /@ . . H
A J
O o ¢ @®. ..o
. . . °
90 ’
® . \
o ‘
© OpenStreatMap Contribuiors
Monthly Sales by Segment - States: 25 Monthly Sales by Product Category - States: 25
$60,000
$40,000 . $30,000
Consumer Furniture $20,000
$20,000 $10,000
$60,000
$40,000 - $30,000
Corporate ’ g ‘cTies $20,000
$20,000 upe $10,000
$60,000
. $40,000 $30,000
Home Office Technology  $20,000
$20,000 / \ . A o _— o~ $10,000
2014¥ 5% 201411189 2015¢1 5S¢ 2015¢1 118 2016 S 2016¥1 119 2017¢ ¥ 2014¢ 5@ 2014119 2015¢1 5S¢ 2015¢ 118 2016¥ 5§ 20161 119 2017 5§
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Data 1s not information,
information is not knowledge,
knowledge 1s not understanding,
understanding is not wisdom

— Clifford Stoll
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Inside Airbnb
(Murray Cox)
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Tracking Federal Purchases to Fight the Coronavirus
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+Federal Procurement Data System
https://www.fpds.gov/fpdsng cms/index.php/en/
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Sonic Cities
(MIT Senseable City Lab)
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